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AbstractIn motion planning field, it is necessary for the mobile robots which have
ability to recognize the surrounding environments and move by itself, to detect,
analyze the obstacles and compute feasible trajectory in real time. Especially, in case
of car-like robots which have control constraints, it is challenging to only generate a
feasible trajectory in a limited time. In this paper, we extend sampling based algorithm
RRT" for autonomous vehicle with control constraints to takes advantage of dubins
path, and its simplicity for easing trajectory calculation. In addition, we show some

simple collision detection technique from dubins path.
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